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Deployment leads the world,; chips still lag.

China has taken a clear lead in humanoid robots, home to more than 140 companies building
them today. Electric vehicle makers are rushing into the sector: Xpeng plans mass production
this year, and BYD unveils its first humanoid this month. That scale now doubles as a live test of
China's ambitions in physical Al, the race to build machines that see, think, and move on their
own. The deployment numbers, the chip supply chain, and the tug-of-war over materials all tell
one connected story.

China's humanoid robot boom has grown into one of the most closely watched proxies for the
country's Al chip self-sufficiency push. More than 140 domestic humanoid robot companies now
compete for share, drawing in electric vehicle makers eager to apply their manufacturing scale,
supplier networks, and battery expertise to a new product category. XPeng plans mass
production of its Iron humanoid this year, running three of its own Turing chips per unit for
2,250 TOPS of effective compute, a vertical-integration move that skips third-party silicon
entirely. Cumulative Turing shipments already exceed 200,000 units, with roughly 1 million
targeted for 2026. BYD enters the race this month with its Xiao Di humanoid and has not
disclosed its chip supplier; one trade report claims BYD runs perception and control on chips
designed by its own semiconductor unit, a claim BYD itself has not confirmed.
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# | Supplier Chip / Product Confirmed Chinese humanoid customers

1 Nvidia (US) Jetson AGX Thor, Jetson | Unitree H2, UBTech, Galbot G1, Zhiyuan/AgiBot, Zhongging,
T4000, Jetson AGX Orin EngineAl, UniX Al — Nvidia's Orin still powers most Chinese

humanoid start-ups (TechCrunch); the Unitree partnership
was announced June 1, 2026
2 D-Robotics/ Xuri S600 SoC (560 TOPS | Beijing Innovation Center's Tiangong 3.0, Linglong 2.0, TARS
Horizon INT8, integrated "brain A3, UBTech, Fourier, Booster, Robotera, X Square Robot —
Robotics (China) | + cerebellum") "more than 20 leading clients," backed by a $150M Series
B2 in April 2026

3 | Huawei (China) Ascend 310B/310P UBTech (comprehensive cooperation agreement, May
NPUs + Kunpeng CPUs, 2025); Leju Robotics' Kuavo runs on Huawei Cloud's Pangu
CloudRobo platform embodied model; CloudRobo launched at WAIC July 2026

4 | XPeng (in-house) | Turing Al chip — 750 XPeng's own Iron humanoid uses 3 Turing chips (2,250 TOPS
TOPS effective per chip effective); cumulative Turing shipments exceed 200,000

units, with ~1 million targeted in 2026 (XPeng)

5 Rockchip (China) | RK3588 SoC + UBTech's mass-market U1 consumer humanoid, unveiled
RK1820/1828 Al July 2026 at 119,800-990,000 yuan — RK3588 is called "the
coprocessors (6—26 mainstream choice for edge computing... for humanoid
TOPS) robots in China" (SCMP)

6 | Qualcomm (US) | Dragonwing 1Q10 (up to | Stardust Intelligence/Astribot's humanoid at WAIC 2026,
700 TOPS), TurboX the first product-level IQ10 robotics deployment
IRB10 (Thundercomm); reference design unveiled at Computex

June 2026
7 | Black Sesame Huashan A2000 Tianwen humanoid (with Wuhan University); Rovar X3 and a
Technologies ("brain," up to 1,000 Fourier dexterous hand demoed on its SesameX platform at
(China) TOPS) + Wudang C1236 | CES 2026
("cerebellum")

8 MetaX (China) Purpose-built 50/50 joint venture with UBTech, signed June 12, 2026,
embodied-Al edge chips | targeting sample production in H2 2027
(specs not yet disclosed)

9 | Cambricon Siyuan 590/690 Al Named among 10 domestic chipmakers with Day-0

(China) accelerators adaptation for the Wise Kaiwu 3.0 world model; role is
largely training/adaptation rather than confirmed onboard
modules (Embodied Global); targeting ~500,000
accelerators shipped in 2026 (Tom's Hardware)

10 | AMD (US) Ryzen 7 8845HS APU Fourier Intelligence's GR-3 humanoid uses it as the general-

(host CPU, not the Al
accelerator)

purpose "body controller," typically paired with a Jetson
Orin/Thor for Al compute (Fourier)

Table 1. Top 10 robot Al processor suppliers.
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Nvidia still supplies the compute that most of the field runs on. The company holds roughly 92%
of Al training accelerators used in humanoid robotics worldwide, and Chinese firms depend on it
for about 87% of pre-training compute. Jetson Thor modules, rated at 2,070 FP4 TFLOPS and
drawing 130 W, now sit inside Unitree's H2 research humanoid, UBTech's platforms, Galbot's
G1, Zhiyuan/AgiBot units, and EngineAl hardware, making Orin and Thor the default building
block for most Chinese humanoid start-ups today. Cost drives the push toward domestic
alternatives as strongly as export controls do: UBTech's chairman has said foreign chips make up
roughly a third of hardware bill-of-materials cost. Core-component localization across Chinese
humanoid programs now exceeds 70%, and a July 2026 US export rule further tightened the
performance-density threshold for chip exports to China. For ISVs, that software stack matters as
much as the silicon: Teams that build on Nvidia's CUDA tooling today gain a shorter path to
production, and switching to a domestic accelerator later means re-validating models and
inference pipelines on a different compute stack.

Domestic silicon is closing the gap fast, and ISVs and silicon teams tracking this market should
watch a handful of names. D-Robotics, spun out of Horizon Robotics, packs its Xuri S600 chip
with an integrated "brain and cerebellum" design rated at 560 TOPS INTS, and has signed more
than 20 clients, including the Beijing Innovation Center's Tiangong 3.0 program, which targets
mass delivery in the second half of 2026, plus Linglong 2.0, Tars' A3, Fourier, Booster Robotics,
and Robotera. Huawei pairs its Ascend NPUs and Kunpeng CPUs with a CloudRobo software
platform, and signed a comprehensive cooperation agreement with UBTech in May 2025 to build
on that combination; UBTech's Ul emotional Al model trained on that same Ascend framework.
Rockchip's RK3588 SoC now runs the emotional Al model inside UBTech's mass-market Ul
consumer humanoid, priced from 119,800 to 990,000 yuan, and the company calls RK3588 the
mainstream choice for edge compute in Chinese humanoid robots. Black Sesame Technologies
pairs its Huashan A2000 "brain" chip with a Wudang C1236 "cerebellum" chip inside the
Tianwen humanoid built with Wuhan University, rating the A2000 family at up to 1,000 TOPS.
Cambricon and MetaX round out the domestic bench: Cambricon's Siyuan accelerators handle
training and model adaptation work for a coalition of 10 domestic chipmakers targeting roughly
500,000 units shipped in 2026, and MetaX signed a joint venture with UBTech in June 2026 to
design purpose-built embodied-Al edge chips, with sample production targeted for the second
half of 2027. AgiBot has already shifted to domestic microcontrollers for its robot "cerebellums"
and is evaluating additional Chinese chipmakers for its next-generation A3 platform.

Qualcomm entered this race later than its domestic and foreign rivals and already landed its first
Chinese humanoid design win, pairing its Dragonwing Q10 platform, rated up to 700 TOPS,
with Stardust Intelligence's Astribot humanoid at the World Al Conference (WAIC) in 2026.
AMD holds a narrower role in this field: Fourier Intelligence's GR-3 humanoid runs a Ryzen 7
8845HS chip purely as a general-purpose body controller, with a separate Nvidia module
handling the AI compute alongside it. Among the domestic contenders, D-Robotics and Horizon
Robotics rank as the fastest riser, moving from unveiling the Xuri S600 in November 2025 to
more than 20 named clients and two mass-production humanoid programs within nine months,
backed by a $150 million funding round in April 2026. That pace gives CIOs evaluating Chinese
robot vendors a fast-moving supplier list to track alongside each vendor's own production
timeline.
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The deployment figures underneath this chip race are stark. Global humanoid shipments reached
roughly 13,000 units in 2025, and Chinese firms captured more than 84% of that volume,
according to Omdia data cited by 36Kr. Unitree alone shipped over 5,500 humanoids in 2025
and now targets 10,000 to 20,000 units for 2026. AgiBot claims the top global spot for 2025,
with 5,100 humanoid shipments and a 39% market share, and it has deployed more than 10,000
robots across multiple form factors as of mid-2026.

Trade data confirms the scale of this shift. China's robot exports hit ¥113.2 billion ($15.7 billion)
in the first quarter of 2026, and humanoid robot exports surged 210% year over year in that same
period. Customs officials created a new tariff code, "intelligent bionic robots," to track the
category separately for the first time. That move signals something larger: Humanoid robots have
crossed from experimental hardware into a line item that customs authorities now track with the
same rigor as autos or electronics. China's manufacturing base, supply chain depth, and
willingness to ship robots into commercial pilots ahead of full reliability explain much of this
lead, and volume, cost, and export momentum sit squarely with Chinese builders today.

A new assessment from DSET, a Taipei, Taiwan-based think tank, frames China's robotics push
as a whole-of-nation strategy that borrows the playbook it used in electric vehicles and drones,
the same approach that handed BYD and DJI roughly 70% global share in those markets.
Nathanael Cheng, the report's lead researcher, told Nikkei Asia the strategy carries real potential
to win the global physical Al race, and China has not reached that stage. Smart Analytics Global
puts China's 2025 share of humanoid and robot-dog shipments at 85%, built on a large domestic
market, foundation models, manufacturing scale, real-world data, and batteries. The report also
finds real gaps: premium reducers, motors, machine tools, and sensors come mainly from Japan
and Europe today, and memory chips and printed circuit boards could become the next
bottleneck, since a single humanoid needs around 150 PCBs and the US PCB share has fallen
from 30% to roughly 4% since the early 2000s. China's rare-earth magnets and battery materials
hand it separate leverage over robot makers abroad. Washington answered in late July, blocking
new import approvals for foreign-made humanoid, quadruped, and even robotic-vacuum models,
and it grandfathered products already on the market.

What do we think?

China's humanoid robot volume now outpaces its chip independence. Domestic suppliers gain
design wins fast; Nvidia still anchors most training and much on-device compute across the field.
ISVs building for this market should plan for dual-sourced silicon, and CIOs evaluating Chinese
robot vendors should ask directly which chips run inside the unit and how that dependency shifts
under new export rules.

Inflection point. Humanoid robots mark an inflection point in Al, moving models out of data
centers and onto machines that must sense, decide, and act in real time under strict power and
latency limits. China's shipment volume, export growth, and new customs tracking show a
market that has moved past prototypes into production. Silicon teams that solve on-device
inference at this scale first will set the compute baseline for the next generation of embodied Al,
and chip sourcing will decide who keeps up.
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